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The Evolution and Inspiration of Large LLanguage Model Technology

Jianhua Tao'” Shuai Nie Feihu Che'
1. Department of Automation, Tsinghua University , Beijing 100084

2. Qiyuan Laboratory s Beijing 100190

Abstract In November 2022, OpenAl launched ChatGPT, a large model of conversational AI, which has
demonstrated amazing natural language understanding and generation capabilities, and has cross-
disciplinary, multi-scene and multi-purpose versatility, with performance in many tasks reaching the level
of human experts, attracting widespread attention from industry and academia. The large model
technology represented by ChatGPT has realized the leap from “quantitative change” to “qualitative
change” in Al technology, and is expected to develop into a key infrastructure of Al to empower all
industries and accelerate the high-quality development of national economy. This paper firstly reviews the
evolution of large model technology, explains the new round of AI changes caused by large model
technology from the perspectives of technology, application and ecology, and points out the possible risks
and challenges brought by large model technology. and finally gives some insights and prospects for the

development of big model in China.
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