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Inspiration of GPT-4 on Multimodal Foundation Models in Multimodal

Understanding, Generation, and Interaction
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Jing Liu" Longteng Guo"
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Abstract ChatGPT, a conversational chatbot, has swept across society with its almost unstoppable
momentum, heralding the dawn of general artificial intelligence. Its upgraded version, GPT-4, is a
multimodal large-scale model that goes beyond monotonous text interactions and can accept combinations of
text and images as multimodal inputs. Compared to traditional unimodal foundation models, multimodal
foundation models are more consistent with human cognitive processes that involve multiple channels,
allowing them to adapt to more complex environments, scenes and tasks. GPT-4 demonstrates that
incorporating natural language understanding and generation abilities into multimodal foundation models
can greatly enhance the model’s abilities in multimodal understanding, generation, and interaction. This
article introduces the concept of multimodal foundation models, key technologies, recent advancements,
and application scenarios. It also discusses the technical characteristics of GPT-4 and specifically explore
several inspirations provided by large language models, such as GPT-4, for building multimodal foundation
models. Specifically, it discusses how to fully leverage the language capabilities of large language models to
better perceive and understand the world, generate creative content, and interact with humans and the

environment in the construction of multimodal foundation models.

Keywords GPT-4; multimodal foundation models; multimodal understanding; multimodal generation;

multimodal interaction
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