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Research on Identification and Trend of Chemistry and Artificial

Intelligence Hot Cross Topics Based on ESI

Junwei Han" Guochang Tang Shijie Zhao

School of Automation s Northwestern Polytechnical University, Xi'an 710072

Abstract This study explores the current intersection between the fields of chemistry and artificial
intelligence (AD) with the aim of identifying hot research topics. The goal is to provide strong evidence for
decision-making in funding projects, thereby optimizing resource allocation and promoting cutting-edge
scientific advancements in the field of chemistry. The research relies on cross-disciplinary journal literature
and funding project data, revealing the interdisciplinary landscape through dimensions such as publication
volume, international collaborations, and cross-disciplinary subjects. By employing co-occurrence and
clustering analyses on keywords extracted from journal articles, the study identifies seven prominent cross-
disciplinary research themes, including functional theory and virtual screening. Further analysis involves
examining the funding situations in these topics for China and the United States. The findings highlight a
significant growth in research at the intersection of chemistry and Al over time. The identified hot topics
shed light on the potential applications of Al in chemistry and offer insights into future trends. The study
suggests that funding strategies should be tailored to different themes, considering the distinct
characteristics and requirements of each. This comprehensive approach not only enhances our
understanding of the intersection between chemistry and Al, but also provides valuable guidance for

strategic funding decisions to drive advancements in the field.

Keywords artificial intelligence; chemical field; knowledge mapping; cross topic identification; Natural

Science Foundation
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